
第 10 章CHAPTER 10搜尋使用者體驗革命：搜尋 UI 中的 LLM

AISearch UX Revolution: LLM AI in Search UIs

在前幾章中，我們著重於 Copilot、報告和進階 LLM 模式。希望您和我一樣對法學碩士

的強大工具以及這項新技術帶來的巨大影響感到興奮。為了讓它明白這一點，在本章中，我

將討論法學碩士如何不可逆轉地改變搜尋 UI 的使用者體驗設計。

In the previous chapters, we focused on Copilot, reporting, and advanced LLM patterns.

Hopefully, you are feeling as excited as I am about just how powerful a tool LLMs are and how much this

new technology brings to the table. To drive it home, in this chapter I will discuss how LLMs are

irrevocably changing the UX design of search UIs.

搜尋的現狀

The Current State of Search

搜尋UI的現狀對於當今大多數網路使用者來說應該相當熟悉。我們基本上有兩種方法：

我們稱它們為“谷歌”和“亞馬遜”。

The current state of search UI should be quite familiar to most of today’s Internet users. We

basically have two approaches: let’s call them “Google” and “Amazon.”

谷歌搜索

Google Search

作為一個非常簡化的解釋，當您為用戶提供一個大而友好的搜索框並允許他們輸入他們

喜歡的任何內容時，Google 搜索就是您得到的。然後，搜尋引擎魔術對查詢執行模糊邏輯匹

配，嘗試匹配一段內容的元資料和關鍵字的同義詞。產生的匹配按相關性和“權威性”（從

其他權威網站到該內容的鏈接數量）進行排序。

As a very simplified explanation, Google Search is what you get when you give users a large, friendly

search box and allow them to type in whatever they like. The search engine magic then performs a fuzzy

logic match on the query, trying to match synonyms of the metadata and keywords of a piece of content.

The resulting matches are sorted by relevance and “authority”—the number of links from other

authoritative sites to this piece of content.



谷歌類型的搜索包括“答案”，即對特定問題的權威答案，例如來自權威來源的“澳大

利亞首都是哪裡？

The Google-type searching includes “answers,” authoritative answers to a specific question such

as “What is the capital of Australia?” sourced from authoritative sources (see Figure 10.1).

這種類型的搜尋 UI

也包括常見使用案例的消歧義，例如查詢「老虎」（Syberian、Woods、Endangered

等）。搜索 UI 在很大程度上依賴於自動完成、自動更正和其他技巧，以確保以最少的麻煩

返回最佳答案。這類服務的主要應用是快速找到一些特定類型的可靠且權威的內容。

This type of search UI also includes disambiguation for common use cases such as the query

“tiger” (Syberian, Woods, Endangered, etc.). The search UI leans heavily on auto-complete,

autocorrect, and other tricks to make sure the best answer is returned with a minimum of fuss. The

primary application for this type of service is to quickly find a few pieces of reliable and authoritative

content of specific type.

圖 10.1 Google 搜尋與答案



Figure 10.1 Google Search with answers

資源： 谷歌

Source: Google

亞馬遜搜索

Amazon Search

與谷歌搜索相比，亞馬遜搜索是電子商務的支柱。Amazon Search

是當您完善搜索以尋找要購買、訪問、消費或觀看的東西時所獲得的。這種類型的搜尋 UI

首先具有切面特徵，這是 Google 搜尋中明顯缺乏的功能。就像菱形上的刻面一樣，搜尋刻

面是搜尋查詢的各種角度，代表使用者可以縮小查詢範圍的便利篩選器。例如，執行 Nike

等查詢會顯示 Department、Review Stars、Delivery Type 和 Price Range 等多面向 （請參閱圖

10.2）。

In contrast to Google Search, Amazon Search is the backbone of e-commerce. Amazon Search is

what you get when you perfect your search in service of finding something to buy, visit, consume, or

watch. This type of search UI is characterized first and foremost by facets, a feature conspicuously absent

from Google Search. Just like facets on a diamond, search facets are various angles of the search query

and represent convenient filters by which users can narrow down the query. For example, running a

query such as Nike would surface facets such as Department, Review Stars, Delivery Type, and Price

Range (see Figure 10.2).

「不可怕的謎團」問題

The “Mysteries That Are Not Scary” Problem

不幸的是，現有的搜索 UI 都無法很好地處理定義不當或“負面”查詢。Jared Spool

介紹了此類查詢的典型示例：“不可怕的謎團”（見圖 10.3）。由於多種原因，找到此類查

詢的答案對人類來說非常容易，但對於傳統搜索引擎來說尤其困難。

Unfortunately, neither of the existing search UIs does a good job with poorly defined or

“negative” queries. The quintessential example of such a query was introduced by Jared Spool:

“Mysteries That Are Not Scary” (see Figure 10.3). For many reasons, finding answers to queries of



this type is quite easy for humans but is particularly difficult for conventional search engines.

圖 10.2 具有 Facet 的 Amazon Search

Figure 10.2 Amazon Search with facets



資源： 亞馬遜

Source: Amazon

一項挑戰是典型的 Google 搜尋引擎尋找匹配項而不是不匹配項。因此，人們可以假設

一段內容可以被標記為“可怕”，然後標記為“可怕”的內容將從結果集中排除。當然，這

意味著必須有人先發制人地以這種方式標記所有內容，這通常是不切實際的。

One challenge is that typical Google Search engines look for matches rather than mismatches. So,

one can potentially assume that a piece of content can be tagged as “scary,” and then the content

marked “scary” would be excluded from the result set. Of course, this means that someone has to

have the preemptive initiative to mark all the content in this way, which is usually impractical.

這個問題經常由有進取心的人類解決，他們為所有事物創建指南，包括不可怕的謎團。

This issue is frequently solved by enterprising humans who create guides for everything, including

non-scary mysteries.



圖 10.3 Google 搜尋「不可思議的謎團」會傳回人造指南

Figure 10.3 Google Search for “Mysteries That Are Not Scary” returns a human-made guide

資源： 谷歌

Source: Google

雖然看起來 Google 只是神奇地想出了答案，但實際上它只是引用了來自單一「權威」

來源的指南：https://modernmrsdarcy.com/page-turning-mysteries-hopeful-not-dark-gloomy（見

圖 10.4）。



While it may look as though Google just magically came up with the answer, it’s actually just

quoting a guide from a single “authoritative” source:

https://modernmrsdarcy.com/page-turning-mysteries-hopeful-not-dark-gloomy (see Figure 10.4).

圖 10.4 非恐怖謎團的「權威來源」

Figure 10.4 “Authoritative source” for non-scary mysteries

來源：https://modernmrsdarcy.com 現代達西夫人

Source: https://modernmrsdarcy.com Modern Mrs Darcy

谷歌在將“不可怕”翻譯成“不黑暗和陰鬱”方面做得不錯，儘管它並不完全匹配。從

這一點開始，典型的人類搜索策略可能是類似“珍珠生長”的東西，人類搜索者將查看文章

並仔細閱讀評論和參考文獻以找到類似的材料。（這是 Peter Morville 的名著《Search

Patterns： Design for Discovery [O'Reilly Media， 2010] 中描述的常見搜尋策略之一。正如彼得

所寫，“我們發現的會改變我們所尋求的”——這是我最喜歡的名言之一。

Google did a decent job of translating “Not Scary” into “Not Dark and Gloomy,” although

it’s not the exact match. The typical human search strategy from this point might be something like

“Pearl Growing,” where the human searcher would look at the article and peruse the comments and



references to find similar material. (This is one of the common search strategies described in Peter

Morville’s famous book, Search Patterns: Design for Discovery [O’Reilly Media, 2010].) As Peter

wrote, “What we find changes what we seek”—one of my favorite quotes.

傳統上，亞馬遜搜索引擎在此類“模糊匹配查詢”方面的表現甚至比谷歌搜索引擎還要

差。部分問題是內容庫存受限;亞馬遜只包含書籍和電影，不包含有關內容恐怖性的指南。

另一個挑戰是控制詞彙量。為了讓 Amazon Search UI 如預期般運作，理想情況下應將「可怕

性」等級設定為搜尋方面。這更不可能是實用的方法，因為人們無法預測搜索者將請求的所

有類型的 Facet，並且需要解釋的複雜 Facet 比元數據標籤更難設置。因此，我們在圖 10.5

中得到了大雜燴（是的，“大雜燴”絕對是一個科學術語）。

Amazon Search engines traditionally do even worse than Google Search engines for these types of

“fuzzy match queries.” Part of the problem is constrained content inventory; Amazon only contains

books and movies, not guides on the scariness of the content. The other challenge is controlled

vocabulary. For the Amazon Search UIs to work as intended, the level of “scariness” should be ideally

set up as a search facet. This is even less likely to be the practical approach, as one cannot predict all the

types of facets that will be requested by the searchers, and complex facets that are subject to

interpretation are much harder to set up than metadata tags. Thus, we get the hodgepodge in Figure 10.5

(and yes, “hodgepodge” is absolutely a scientific term).

便條

NOTE

圖 10.5 經過壓縮和編輯，用於演示並跳過贊助內容。

Figure 10.5 is condensed and edited for demonstration and to skip the sponsored content.

結果集一開始隨機引用完全未知的“奧馬利一家”，然後繼續到史酷比，這絕對符合要

求。然後是恐怖電影，這可能是一個不錯的選擇。

The result set starts out randomly referencing the completely unknown “O’Malleys” and then

proceeding to Scooby Doo, which definitely fits the bill. Then comes Scary Movie, which is probably a

decent pick.

然後事情開始瓦解。

Then things begin to unravel.



我們有一個隨機的非神秘標題：伯尼�麥克傳記排名第三。從這裡開始，事情發生了明

顯的黑暗轉變，貝茨汽車旅館（有史以來最恐怖的電影之一的衍生作品）、微笑（非常可怕

）、玉米之子（同上），然後終於來到了它（看完之後我自己也難以入睡......幾個星期——

我仍然拒絕打開幸運餅乾）。我可以想像有人在尋找一個漂亮舒適的赫爾克里�波洛 PBS

懸疑片，而是依偎在它身邊......哇啊啊啊！

We have a random non-mystery title: a Bernie Mac biography coming at number 3. From here,

things take a decidedly darker turn with Bates Motel (the spin-off of one of the most legitimately

terrifying movies ever made), Smile (very scary), Children of the Corn (ditto), then finally coming to It

(following the viewing of which I myself had trouble sleeping ⋯ for a few weeks—and I still refuse to

open fortune cookies). I can just imagine someone looking for a nice cozy Hercule Poirot PBS mystery,

cuddling up with It instead ⋯ WHAAAAAA!

因此，最重要的是，對人類來說可能容易的事情在歷史上對計算機來說卻很困難。

So, the bottom line is that things that might be easy for humans are historically difficult for

computers.

這並不神秘。

No mystery there.

但劇情即將變得複雜。

But the plot is about to thicken.

進入法學碩士

Enter LLMs

多年前，我在紐約有一個絕佳的機會，為美聯社 （AP） 圖片網站設計了一個新的 UI：

https://newsroom.ap.org。這是我作為用戶體驗設計顧問有機會參與的最令人滿意的項目之一

。我們的想法是讓 AP 走在用戶體驗的最前沿，天哪，我和我的團隊做到了！

Years ago, I had a fantastic opportunity in New York to design a new UI for the Associated Press

(AP) Images site: https://newsroom.ap.org. It was one of the most satisfying projects I had a chance to

work on as a UX design consultant. The idea was to put AP on the cutting edge of user experience, and

boy, did my team and I deliver!



如今，AP 再次走在搜尋技術的前沿：它們是最早使用 LLM 進行搜尋的專業網站之一。

Today AP is once again on the cutting edge of search technology: They are one of the first specialty

sites to use LLMs for search.

第一次搜尋我們最喜歡的查詢「不可怕的謎團」只會產生一個空的結果集。然而，AP

也提供了 AI 驅動的結果的預覽（見圖 10.6）。

The first search for our favorite query, Mysteries That Are Not Scary, yields little more than an

empty result set. However, AP also presents a preview for AI-powered results (see Figure 10.6).

點擊 AI 驅動的搜尋確實載入得更好，向我們展示了印度藏族舞蹈、馬德里的服裝店、

波蘭的萬聖節裝飾品和倫敦的夏洛克福爾摩斯博物館的圖像，如圖 10.7 所示。

Clicking AI-Powered Search does load better, showing us images of Indian Tibetan Dance,

Costume Shops in Madrid, Halloween decorations in Poland, and a Sherlock Holmes Museum in

London, as you can see in Figure 10.7.

便條

NOTE

儘管這似乎是一個微小的改進，但它無異於搜尋領域的一場革命。

Although this seems like a tiny improvement, it’s nothing short of a revolution in search.





圖 10.5 亞馬遜搜尋結果的大雜燴「不可怕的謎團」

Figure 10.5 A hodgepodge of Amazon search results for “Mysteries That Are Not Scary”

資源： 亞馬遜

Source: Amazon

圖 10.6 美聯社圖片「不可怕的謎團」的常規搜尋結果

Figure 10.6 AP Images conventional search results for “Mysteries That Are Not Scary”

來源：美聯社圖片社

Source: AP Images



圖 10.7 頭獎：美聯社圖片 AI 對「不可怕的謎團」的結果

Figure 10.7 Jackpot: AP Images AI results for “Mysteries That Are Not Scary”

來源：美聯社圖片社

Source: AP Images

像 ChatGPT 這樣的 LLM 可以毫無問題地解決這個謎語（見圖 10.8）。

LLMs like ChatGPT have no problem solving the riddle (see Figure 10.8).

ChatGPT 甚至會想出完全符合要求的特定電影（見圖 10.9）。

ChatGPT even comes up with specific movies that fit the bill perfectly (see Figure 10.9).



圖 10.8 ChatGPT 對「不可怕的謎團」的結果

Figure 10.8 ChatGPT results for “Mysteries That Are Not Scary”

來源：ChatGPT 中使用 AI 生成

Source: Generated with AI in ChatGPT



圖10.9 電影《不可怕的謎團》的ChatGPT結果

Figure 10.9 ChatGPT results for movies “Mysteries That Are Not Scary”

來源：ChatGPT 中使用 AI 生成

Source: Generated with AI in ChatGPT

而這僅僅是開始。

And this is only the beginning.

很快，您的客戶將需要格式良好的客製化電子商務和內容結果，這些結果會根據您的特

定內容進行微調，並針對對他們重要的模糊查詢提供詳細、準確的答案。（我有沒有提到我

的第一本書是關於搜索用戶體驗的？它被稱為設計搜索：電子商務成功的用戶體驗策略

[Wiley，2011]，由無與倫比的彼得�莫維爾 （Peter Morville） 作序。

Very shortly, your customers will demand well-formed custom e-commerce and content results

that are fine-tuned with your specific content and the detailed, accurate answers to fuzzy queries that

matter to them. (Did I mention that my first book was on search UX? It’s called Designing Search: UX

Strategies for eCommerce Success [Wiley, 2011] and features a foreword by the incomparable Peter

Morville.)

設計練習：設計您自己的 LLM 搜尋 UI

Design Exercise: Design Your Own LLM Search UI

讓我們繼續改進 AI 驅動應用程式的設計，新增 LLM 搜尋，該搜尋借鑒了本章「不可怕

的謎團」中的範例。您的客戶可能會在您的應用程式中搜尋是否有類似的「模糊」查詢？集

思廣益並勾勒出「模糊」使用者詢問的問題，以及在您的特定使用案例中產生的輸出可能是

什麼樣子。考慮以下事項：

Let’s continue improving the design of our AI-driven application by adding LLM search that

draws on the example in this chapter, “Mysteries That Are Not Scary.” Is there any similarly

“fuzzy” query that your customers might be likely to search within your application? Brainstorm and

sketch the “fuzzy” user asks and what the resulting output might look like in your specific use case.

Consider the following:



- 您的傳統搜尋用例更類似於 Google 搜尋或亞馬遜搜尋嗎？Is your conventional search use

case more akin to Google Search or Amazon Search?

- LLM AI 輔助會自動啟動嗎？或者，像 AP Images

一樣，您是否需要打開某種開關來將“LLM 搜索”與“常規搜索”分開？Will the

LLM AI assist automatically kick in? Or, like AP Images, will you need to flip a switch of some

kind to separate the “LLM search” from your “regular search”?

- 「LLM 搜尋」的輸出格式會與您的「一般搜尋」不同嗎？Will the output of the “LLM

search” be formatted differently from your “regular search”?

- 如果您使用Facet，這些Facet在LLM搜尋中有用嗎？If you are using facets, will those facets be

useful in the LLM search?

如果您需要靈感，請看以下範例。在完成自己的設計練習之前，不要繼續下一章。

If you need inspiration, look at the following example. Do not proceed to the next chapter until you

complete your own design exercise.

設計練習範例：Life Copilot LLM 搜尋

Design Exercise Example: Life Copilot LLM Search

在我們 Life Copilot 應用程式的特定用例中，「LLM 搜尋」和「常規搜尋」幾乎沒有區

別，因為使用者介面是相同的——主要是詢問欄和上傳照片功能。我們所有的搜索和分析都

將從同一個提示中進行。然而，我們仍然可以透過提出「模糊」問題來展示 LLM

搜尋的令人印象深刻的能力。回想一下，在第 9 章「LLM 設計模式」中，我們向 Life Copilot

詢問了燃燒瓶配方，它建議使用莫吉托。讓我們考慮一下這個用例的變體：我們的用戶現在

正在尋找帶有淡淡酸橙但不含酒精的健康清涼飲料的配方創意——“建議一種帶有酸橙的健

康雞尾酒配方”。基於 LLM

的搜尋可以透過尋找一些食譜來協助使用者完成這種模糊查詢嗎？完全！（見圖 10.10）。

In our specific use case for the Life Copilot app, there is little to distinguish the “LLM Search”

from the “regular search” because the UI is the same—mainly the Ask bar and the Upload Photo

functionality. All of our searching and analysis will take place from the same prompt. However, we can

still demonstrate the impressive capability of the LLM search by asking a “fuzzy” question. Recall that

in Chapter 9, “LLM Design Patterns”, we asked the Life Copilot for a Molotov Cocktail recipe and it



suggested a Mojito instead. Let’s consider a variation on this use case: Our user is now looking for

recipe ideas for healthy refreshing drinks with a hint of lime, but without the alcohol—“suggest a

healthy cocktail recipe with lime.” Can an LLM-based search assist the user in this fuzzy query by

finding some recipes? Absolutely! (See Figure 10.10).





圖 10.10 查詢的 LLM 模糊搜尋結果：建議含有酸橙的健康雞尾酒配方

Figure 10.10 LLM fuzzy search results for a query: suggest a healthy cocktail recipe with lime

現在輪到你了。考慮您的用戶可能會詢問哪些類型的模糊 （fizzy？） 查詢，並創建一兩

個線框圖來顯示這些類型的搜索結果的外觀。在完成此練習之前，不要收集 200

美元並進入下一章！

Now it’s your turn. Consider what kinds of fuzzy (fizzy?) queries might be asked by your users

and create a wireframe or two showing how those types of search results might look. Do not collect $200

and go to the next chapter until you complete this exercise!


